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 
Abstract: Image registration is a vital but integral component of 
any image processing application. Fundamentally, image 
registration involves transforming two or more sets of image data 
derived from different sources, collected at different instant of 
times, taken from different perspectives and from different 
viewpoints, all from different frames of reference into an image in 
a single coordinate system, a single frame of reference. Over the 
years, there have been many image registration techniques 
developed and used in variety of application fields. This paper 
proposes a computationally low overhead image registration 
technique that has been tested with variety of images using weight 
improved particle swarm optimization (WIPSO) algorithm 
integrated with discrete wavelet transform (DWT). 
Fundamentally, the proposed scheme comprises of a two-step 
approach, where the first step involves extraction of the random 
image from the source image which will serve as an ingredient for 
the formation of the particle swarm to be used in the WIPSO and 
the second step involves an explorative search for the target image 
in the area of interest from the selected population using WIPSO 
technique. Extensive simulation has established the effectiveness 
of the proposed soft-computing technique for variety of image 
registration application; even suitable for deployment in many 
resource-constrained single board computer based embedded 
system applications. 

Keywords: Particle Swarm Optimization (PSO), Weight Improved 
PSO, Digital Image Processing, Discrete Wavelet Transform, 
Weight Improved Particle Swarm Optimization (WIPSO) 

I. INTRODUCTION 

The process of digital image registration is a technique which 
can help us conclude the most appropriate and exact 
counterpart among two images, which might have been taken 
at same or different instant of times, by the same or different 
sensors or cameras and from same or different points of view. 
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In most of image processing application ,this is the classical 
problem faced where analysis is to be performed on two or 
more images of a subject acquired from different sensors at 
different times [1]. Some of its examples include mapmaking 
and photogrammetric involving imaging affecting 
overlapping coverage and fusion of image data. 
This process involves many components; it also finds the 
optical geometric transformation which maximizes the 
correspondence across the images. The components are as 
follows: 
A model which defines geometric transformation between the 
images called Transformation model. It has many classes of 
non-rigid transformation which includes parametric and 
non-parametric models .Some are well performed for small 
deformation while others can be performed well for large 
deformations. 
In order to effectively assess the degree of alignment between 
the images, a similarity metric can provide a faithful measure. 
However, in some cases, features such as landmarks, edges or 
surface and the distance between these features are being used 
to assess the alignment among the images while in other case 
the features such as image intensity can be directly used to 
measure the alignment [1]. 
To maximize the effective utilization of similarity metric, 
application of optimization method is a good solution. In 
several medical imaging applications, non-rigid registration 
of images can be articulated as an optimization problem, 
where the key intension is to maximize the computed value of 
the associated objective function [2]. 
Broadly, the image registration algorithm can be classified 
into two categories; the first one being constructed on area 
based method while the second one is centered on feature 
based method. In the case of area based method, a predefined 
window is taken along with the optimization algorithm, which 
is used to find out the transformation mode between two 
images, where as in second category the salient features of an 
image is used for transformation model estimation [3, 4]. 
Taking the case of remote sensing application, here the area 
based image registration algorithms are found to be suitable to 
process images of open terrain regions, whereas, the featured 
based image registration algorithms can yield accurate result 
in processing images of urban regions.  
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For image registration, the Interest point matching (IPM) is a 
key technique and at the same time, is most difficult aspect 
too. Now-a-days, this technique has been one of the most 
researched area [5].  In this paper, we explore the capability of 
the proposed hybrid algorithm, formed with the help of 
Discrete Wavelet Transform (DWT), integrated with the 
Weight Improved Particle Swarm Optimization (WIPSO), 
employed to achieve effective image registration. Template 
matching is accomplished by computing the correlation 
coefficient and the DWT among the target unregistered 
images of any size and a source image of size NN pixels. The 
root mean square (RMS) error metric (erms) is used as an 
effective similarity measure. The rest portion of the paper is 
structured as follows: we have presented discussions on 
various image registration methods in the immediate 
following Section 2. The discrete wavelet transform (DWT) 
has been discussed in Section 3 and in Section 4, we have 
discussed the PSO technique along with the weight 
improvement approach to enhance performance of traditional 
PSO, In Section 5, we have discussed our proposed 
methodology and the analysis of results of the simulation 
study of image registration has been presented in Section 6. 
Finally in Section 7 we have presented the concluding 
remarks on the outcome of this work. 

II.  IMAGE REGISTRATION METHODOLOGY 

The basic steps required in the image registration process are 
shown in Figure 1 below. In this process the input or source 
image should be matched to the reference or target image by 
applying some transformation T which maps the coordinates 
of the source image to the target image. 
Logically, the best transformation is that transformation that 
gives the maximum similarity metric. In order to accomplish 
the purpose of searching for the best similarity metric, the 
optimization algorithm (WIPSO in our case) searches for the 
parameters of the transformation in the given search space to 
find the best values for the maximum similarity metric. 

 
 

Fig. 1:  Block Diagram of the Steps involved in Basic 
Image Registration Process 

III. DISCRETE WAVELENGTH TRANSFORM 

The concept of wavelet transform (WT) initially introduced to 
improve the quality of seismic signal analysis which was 
traditionally accomplished using Fourier Transform was 
subsequently found to have application in variety of domains 
[17]. In fact, the English term ‘Wavelet’ being originally 

coined by the geophysicist Jean Marlet and the theoretical 
physicist Alex Grossmann refers to ‘small wave’, the 

sinusoidal wave in Fourier Transform being considered big 

waves. Thus, the wavelet being a mathematical function 
useful for application in versatile domains, wavelet transform 
can be viewed as a complement to the classical Fourier 
Transform. In principle, wavelet transform is a method of 
transforming or breaking down into two components; a 
low-resolution component and a high-resolution component. 
Wavelet Transform, due to its versatile nature, its scope of 
application spans variety of fields, such as Localized 
Corrosion Measurements [18], Light-Weight Reconfigurable 
Hardware [19], digital watermarking applications [7], digital 
signal processing applications [16], [20], digital image 
processing applications [6], [14], [15], [16]. There are many 
cases proven useful signal processing applications of, like 
processing of X-ray and magnetic-resonance images (MRI) in 
medical applications, where the wavelets can be of help to 
recover weak signals from the noisy signals [16], the end 
result being a "cleaned up" images without making them blur 
or confusing, without compromising the finer details. In 
general, for the basic wavelet being represented as 
mathematical function ψ(t), there are two broad variants of the 
basic wavelet transform; (1) the continuous wavelet transform 
(CWT) and (2) the discrete wavelet transform (DWT). The 
traditional wavelet transform is a continuous wavelet 
transform (CWT), which compares a signal with shifted and 
scaled (i.e., stretched or shrunk) copies of a basic wavelet 
represented as ψ(t). With t being representing a specific 
instant of time and s being a scaling factor, if the basis wavelet 
ψ(t) is centered at t=0 with t ϵ [-T/2, T/2], then (1/s) ψ((t-u)/s) 
is centered at t = u with t ϵ [-sT/2+u, sT/2+u] where u is a 
translational or shifting factor. The discrete wavelet 
transforms is a variant of the wavelet transform for which the 
wavelet signal is sampled at discrete intervals that captures 
both the frequency information as well as the location 
information, i.e., in DWT, the scale parameter is being 
discretized under the condition that the scale parameter s is 
always discretized to an integer powers of 2, i.e., s=2i, i=1,2,3 
This paper constructively utilizes the DWT integrated with 
WIPSO to achieve the key objective of effective image 
registration. Basically, DWT splits a 1-dimensional signal 
into two parts; one being the high frequency component and 
the other one is a low frequency component, in such a way that 
the edge feature components are captured in the 
high-frequency part. This process of decomposition continues 
until the input signal is completely fragmented or the process 
is aborted by the program based on some termination criteria. 
In the similar line, the DWT for a 2-dimensional signal can be 
accomplished by applying the 1-dimentional DWT for each of 
the two parts separately, so that the final decomposition yields 
four components, out of which one is low-frequency 
component and rest three are the high frequency components. 
This is the first level decomposition. As shown below in the 
figure-2, the decomposed frequency band fragments are LL1, 
LH1, HL1, and HH1; the subscript 1 signifies that these are 
the outcome of 1st level of DWT decomposition. 
Accordingly, the second level decomposed frequency 
components as shown are LL2, LH2, HL2, and HH2 [8].  
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The convention followed for naming the DWT decomposed 
image component depends upon the direction of application 
of the filter to specific images, i.e., vertical direction or 
horizontal direction.  
As an instance, the level-x DWT decomposed image 
component formed, named as LHx, (x being the level of DWT 
decomposition) which is an outcome concurrent application 
both low-pass and high-pass filter; low-pass filter being 
applied in the horizontal direction along with high-pass filter 
being applied in the vertical direction, and therefore, the four 
DWT decomposed image component resulted are named 
accordingly. The coefficient of the level-x DWT decomposed 
image component named as LLx is called detailed coefficient 
while the coefficients of the components LHx, HLx and HHx 
are called approximate coefficients. While the LHx images 
carry the information about horizontal-edge features of the 
image, the HLx images carry the information about 
vertical-edge features of the image. The HHx DWT image 
components carry the high frequency information and 
therefore, are extremely noisy and do not contribute anything 
useful towards the image registration process. However, the 
level-x DWT decomposed image components LLx contains 
low-frequency information and therefore are stable and 
contain useful information and are always used as input to 
produce the next level DWT decomposed images 
As shown in the figure above, at each level of DWT 
decomposition of the original image of M x M pixels, four 
new images of M/2 x M/2 pixels are resulted out of the 
original input image, the size of the new image being formed 
is ¼ the size of the original image 
 

 
Fig-2: Different Frequency Components of DWT 

Decomposition Process 

IV. PARTICLE SWARM OPTIMIZATION 

Kennedy and Eberhart being inspired by the social behavior 
of creatures in group, in 1995 [11] proposed a population 
based heuristic optimization technique in the name of particle 
swarm optimization (PSO) – an evolutionary algorithm in 
nature mimics bird-flocking and fish schooling where each 
member of the group or swarm is treated as a particle share 
information. As compared to other evolutionary algorithms, 
PSO has remained an attractive heuristic optimization 
technique due to its simple structure using fewer control 
parameters. PSO has been successfully applied either 
independently or combined or hybridized with algorithms to 
solve problems in numerous fields of application ranging 
from industrial, medical, social, computational, and many 
more, such as fault-tolerant scheduling of real-time tasks on 
multiprocessor based systems [24], image registration [25, 
26], optimization of a five-echelon supply chain network [22], 
acute leukemia segmentation [23] and harmonic reduction in 
multilevel cascade inverters for renewable energy sources 
[27]. In a quest for improved performance of optimization for 
solving problems of specific type or in specific domains of 
application, many variants of the basic PSO has been 
proposed by researchers from different fields of study [28, 
29]. In this paper, we integrate PSO, specifically the WIPSO 
with the DWT to achieve the core goal of effective image 
registration. 

A. Classical Particle Swarm Optimization: 

The basic PSO or the classical PSO shares many similarities 
in variety of aspects with the traditional evolutionary 
algorithms like GA and DE. PSO, in general starts with a 
randomly generated initial population (swarm) of members 
birds (particles) forming the search space of size Np, where 
each particle in the search space represents a candidate 
solution to the problem at hand. Every candidate solution in 
the problem space is represented by two vectors: a position 
vector x and a velocity vector v. An optimal solution is then 
searched in the population, evolving them generation by 
generation in the process. Conceptually, each particle in the 
population moves from its current position to a new position 
with a velocity around the multidimensional search space to 
locate the desired optimal solution, the quality of the solution 
so obtained is being evaluated on the basis of its fitness value, 
represented by a function of its current position, denoted as 
f(x). While the particles fly in the search space, they follow 
simple principles to evolve their behaviour 

i. Every particle exhibits a propensity to moves towards its 
experience of personal best previous position denoted 
by a vector p based on its own knowledge as well as the 
knowledge of its nearby particles, and 

ii. During the movement in the search space, each particle 
also attempts to resemble their personal best 
performance p with the achievement of the global best 
particle in the whole swarm, denoted as g. 

Considering each particle of dimension n, mathematically, the 
position and velocity of any random ith particle in the swarm, 
i  [1,Np], in the tth generation can be denoted by a respective 
position and velocity vector as:   and   respectively. 
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Mathematically, the principle to evolve each particle’s 

behavior due to their position and velocity vector can be 
expressed as 
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where: 
r1, r2 : are uniform random number in the interval [0,1], 
  : is the inertia weight associated with the velocity of the 

particle that controls the flexibility of the medium in which 
the bird flies, 

c1, c2 : are the positive acceleration coefficients that 
controls the propensity of the particle towards the local and 
global best results, respectively,  

vt : velocity of the particle at the ith iteration, 
xt : position of the particle at the tth iteration, and 
The rule for updating personal best value of ith particle in tth 

iteration can be expressed as: 
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Similarly, the global best value of the swarm in tth iteration 
can be expressed as: 
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The pseudo code for the implementation of the PSO 
Algorithm is given in the figure-3 and the flowchart is 
presented in the figure-4 below: 

 

 
Fig. 3:  Pseudo Code Algorithm for PSO 

 
Fig. 4:  Flow Chart for PSO 

B. Weight Improved PSO 

Weight Improved PSO (WIPSO) algorithm is a variant of 
PSO Algorithm [21, 30], where it is proposed to enhance the 
global search quality, the inertia weight factor and the 
cognitive and social components (c1, c2 ) of standard PSO 
algorithm have been configured [15,16]. Using the modified 
inertia weight factor the velocity-update equation presented 
above in Eqn.(1), i.e. using the WIPSO method can be 
rewritten as [14]: 
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w is calculated using below  equation  
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c max1 , c min1 – represents the initial and final values of the 
cognitive components, 

c max2 , c min2 – represents the initial and final values of the 
social component, and 
rand1() – denotes the randomly generated number between 
[0,1] 

The WIPSO with DWT based Algorithm for Image 
Registration is as follows: 
Step 1: Select the size of the population, (Np), the number of 

generations (N), ωmin, ωmax, c1min, c1max, c2min, c2max. 
Step 2: Initialize the velocity component and the position 

component for all the particles to a value set randomly 
well within their pre-specified or approved legal 
ranges. 

Step 3: Initialize the generation counter, t = 1. 
Step 4: Evaluate the value of the fitness merit for each of the 

particle according to the preset objective function. 
Step 5: Compare the evaluated value of particle’s fitness merit 

with its Pbesti. If the current fitness merit value is 
better than the previous Pbesti value, then set the 
Pbesti merit value equal to the current fitness value. 
This process step helps identify the particles in the 
neighborhood with the best success achieved so far, 
and therefore assigns its index to the Gbest value. 

Step 6: Update the velocity of the particle with the help of the 
global best (Gbest) value and individual best (Pbesti) 
value of each particle computed according to eqn. (5). 

Step 7: Update the particle position with the help of the 
updated velocities, as a result of which, each particle 
changes it position computed according to eqn. (2). 

Step 8: If the preset stopping criterion is not met, then 
increment the generation counter, t = t + 1 and return 
to the Step 4 above to continue with the next round 
simulation else terminate. 

Flowchart of the WIPSO with DWT based Algorithm for 
Image Registration is as given below: 
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Fig. 5:  Flowchart for the WIPSO based IR Algorithm 

incorporating DWT 

V. PROPOSED METHODOLOGY 

The objective of this proposed algorithm is to implement a 
computationally efficient image registration algorithm for 
versatile and variety applications that employs weight 
improved particle swarm optimization (WIPSO) integrated 
with discrete wavelet transform (DWT). Fundamentally, the 
proposed algorithm implements the process of finding the 
portion of target image in the source image as a search space 
optimization problem achieved with the help of WIPSO. The 
role WIPSO played here is that it selects some random 
member from the randomized population that presents the 
locational coordinate of a random pixel from inside the source 
image. The randomized population includes the size of a 
window to be extracted. During the construction of the 
randomized population, every member of the population 
corresponds to a specific window inside the image. Each 
window that presents itself as a part of the source image has 
some fitness merit value associated with it. The fitness merit 
value is computed using the DWT with corresponding 
root-mean-square (RMS) error value. The corresponding 
RMS value presenting degree of disagreement among the 
selected (randomly picked) sub-window and the target image 
block presents a measure of fitness. New population is then 

generated by updating the corresponding velocity and 
positional parameter value. This entire process forms a 
complete cycle. This complete cycle is repeated iteratively for 
a pre-defined numbers of iterations. Upon stabilization of the 
convergence of the measure of fitness presented by the gbest 
value, helps us arrive at the desired optimized window of 
image registration. 

VI. RESULT ANALYSIS 

In this section we present the result of simulation of the 
proposed algorithm executed in 400 iterations over 5 epochs 
each. The simulation was carried out involving Figure-6 to 
Figure-9 as the input images with Figure-10 to Figure-15 
being set as the target image for the simulation, with 
Figure-10 and Figure-11 being two variant targets for the 
same source image Fugure-6. Figure-15, Figure-17, Figure-19 
and Figure-21 were being the output of the proposed image 
registration algorithm corresponding to input images Figure-6 
to Figure-9 respectively, with the corresponding performance 
plots presented by Figure-16, Figure-18, Figure-20 and 
Figure-22, respectively. The performance plots being 
presented here are self-explanatory that exhibits a good 
convergence pattern as shown by the proposed algorithm. 
 
 
 
 
 
 
 
 
 

Fig 6: Source Image-1 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Fig 7: Source Image-2 
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Fig 8: Source Image-3 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Fig 9: Source Image-4 
 

 
(Fig. 10: Target Image- 1)   (Fig. 11: Target Image- 2 ) 

 

 
(Fig. 12: Target Image- 3)     (Fig. 13: Target Image- 4) 

 

 

 

(Fig. 14: Target Image- 5 ) 

All the source images are of different shapes and sizes. The 
simulation is being performed with a population size of 50 
for 400 iterations over 5 epochs. The image registration is 
done for the above test images by first finding the wavelet 
transform for the features being extracted. 

 
Fig. 15: Registered Image Output-1 

 

Fig. 16: Image Registration Performance Plot-1 

 
Fig. 17: Registered Image Output-2 
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Fig. 18: Image Registration Performance Plot-2 

 
Fig. 19: Registered Image Output-3 

 
Fig. 20: Image Registration Performance Plot-3 

 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
Fig. 21: Registered Image Output-4 

 
Fig. 22: Image Registration Performance Plot-4 

 
Fig. 23: Registered Image Output-5 

 

 
Fig. 24: Image Registration Performance Plot-5 

Table-1 given below is self-explanatory which presents a 
concise abstract of whole simulation process carried out. The 
table presents the population size being taken for each source 
image with the designated target image and the point during 
the iteration source were the convergence gets stabilized 
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The results presented above shows the registered image along 
with their corresponding performance plot. The performance 
plots indicate the number of iteration along the x-axis and the 
fitness values along the y-axis. Since we have considered the 
nature of solution to solve a minimization problem, therefore 
the performance plots shows the decrement in the value of the 
fitness function. Observations from the visual accuracy of 
target image registration on corresponding source image as 
well as the convergence pattern achieved as apparent from the 
plot establishes the truthfulness of the proposed approach. 

VII. CONCLUSION 

In this paper, we have presented a computationally efficient 
algorithm for image registration applications that employs 
weight improved particle swarm optimization (WIPSO) 
integrated with discrete wavelet transform (DWT). Due to its 
low computational overhead, the algorithm is found to be 
suitable for deployment in resource constrained (like memory 
and processing speed) single board computing systems, such 
as Raspberry Pi. The proposed algorithms worked efficiently 
by adopting the approach of extracting the sub-images from 
the source images and then by finding the parameters for the 
enhanced PSO, i.e., the coefficients for the WIPSO that 
compared with DWT coefficients of the target images; and in 
turn, this leads to the formulation of the optimization 
problem. Here, WIPSO plays the key role of effectively 
optimizing the convergence to quickly get the targeted image 
being registered.  
The image registration method presented in this paper has 

been applied to various types of images of different features 
and tested on variety of platforms. Experimental results with 
various images have exhibited a simple, yet effective and 
efficient approach to fast image registration in which the 
source image was shown to be transparently overlapping with 
the extracted interest point region computed using the DWT 
algorithm integrated with. The proposed algorithm was 
implemented using clean Matlab code (i.e., without using 
proprietary native Matlab library routines) and is under 
further modifications for further improvements planned to 
achieve. 

REFERENCES 

1. X. Dai and S. Khorram, “The effects of image mis-registration on the 
accuracy of remotely sensed change detection,” IEEE Trans. Geosci. 
Remote Sens., vol. 36, no. 5, pp. 1566–1577, Sep. 1998. 

2. “A hierarchical  methodology  framework for multisource data fusion 
in vegetation classification,” Int. J. Remote Sens.,  vol. 19, no. 18, pp. 
3697–3701, Dec. 1998. 

3. L. G. Brown, “A survey of image registration techniques,” ACM 
Comput. Surv., vol. 24, no. 4, pp. 325–376, 1992. 

4. Barbara Zitova and Jan Flusser, “Image registration methods: A 
survey,” Image and Vision Computing ,  Volume 21, Issue 11, pp. 
977-1000, October 2003. 

5. Ik-Hyun Lee, Muhammad Tariq Mahmood “Robust Registration of 
Cloudy Satellite Images Using Two-Step Segmentation,” IEEE 
Geoscience and Remote Sensing Letters, vol. 12, no. 5, May 2015 

6. Marek Błażewicz, Miłosz Ciżnicki, Piotr Kopta, Krzysztof Kurowski 

and Paweł Lichocki, “ Two-Dimensional Discrete Wavelet Transform 
on Large Images for Hybrid Computing Architectures: GPU and 
CELL,” Euro-Par 2011 Workshops, Part I, LNCS 7155, pp. 481–490, 
2012. 

7. Mei Jiansheng, Li Sukang1 and Tan Xiaomei “A Digital 
Watermarking Algorithm Based On DCT and DWT,” Proceedings 
of the 2009 International Symposium on Web Information Systems 
and Applications (WISA‟09) Nanchang, P. R. China, May 22-24, pp. 
104-107, 2009. 

8. M. Mozammel Hoque Chowdhury and Amina Khatun, “Image 
Compression Using Discrete Wavelet Transform” IJCSI International 
Journal of Computer Science Issues, Vol. 9, Issue 4, No 1, July 2012. 

9. Rabab M. Ramadan and Rehab F. Abdel – Kader “Face Recognition 
Using Particle Swarm Optimization-Based Selected Features”  
International  Journal  of  Signal Processing, Image Processing and 
Pattern Recognition Vol. 2, No. 2, June 2009. 

10. Shivank Tiwari, Nipun Mittal, Nupur Garg, Tribhuwan Kumar Tewari, 
Manish K Thakur , “Secret Data Hiding using Artificial Neural 
Networks and Discrete Wavelet Transform”, International Journal of 

Engineering and Advanced Technology (IJEAT), ISSN: 2249-8958, 
Volume-8 Issue-5, June 2019 

11. J. Kennedy and R. C. Eberhart, Particle swarm optimization, in: Proc. 
of IEEE International Conference on Neural Networks, Piscataway, 
NJ. pp. 1942-1948 (1995). 

12. P Kavitha, S Prabakaran, “A Novel Hybrid Segmentation Method with 

Particle Swarm Optimization and Fuzzy C-Mean Based On 
Partitioning the Image for Detecting Lung Cancer”, International 

Journal of Engineering and Advanced Technology (IJEAT), ISSN: 
2249-8958, Volume-8 Issue-5, June 2019 

13. J. Kennedy, R. C. Eberhart, Swarm intelligence, Academic Press, 
2001 

14. Dipalee Gupta and Siddhartha Choubey, Discrete Wavelet Transform 
for Image Processing, International Journal of Emerging Technology 
and Advanced Engineering, Volume 4, Issue 3, March 2015, pp. 
598-602. 

15. P.M. Bentley and J.T.E. McDonnell, Wavelet Transforms: An 
Introduction, Electronics & Communication Engineering Journal, 
August 1994, pp.175-186 

16. Wavelethttps://whatis.techtarget.com/definition/wavelet), last 
accessed on 28.08.2019 

 
 
 
 
 
 



International Journal of Recent Technology and Engineering (IJRTE)  
ISSN: 2277-3878, Volume-8 Issue-3, September 2019 

 

6198 

Published By: 
Blue Eyes Intelligence Engineering 
& Sciences Publication  

Retrieval Number: C5543098319/2019©BEIESP 
DOI:10.35940/ijrte.C5543.098319 
Journal Website: www.ijrte.org 
 

Author-1 
Photo 

 

 
 

17. M. Sifuzzaman, M.R. Islam and M.Z. Ali, Application of Wavelet 
Transform and its Advantages Compared to Fourier Transform, 
Journal of Physical Sciences, Vol. 13, 2009, pp. 121-134 

18. Rogelio Ramos, Benjamin Valdez-Salas, Roumen Zlatev, Michael 
Schorr Wiener and Jose María Bastidas Rull, The Discrete Wavelet 
Transform and Its Application for Noise Removal in Localized 
Corrosion Measurements, Hindawi, International Journal of 
Corrosion, Volume 2017, Article ID 7925404, 7 pages 

19. Nupur Jain, Mansi Singh and Biswajit Mishra, Image Compression 
using 2D-Discrete Wavelet Transform on a Light-Weight 
Reconfigurable Hardware, Proceedings of the 31th International 
Conference on VLSI Design, 2018 and 17th International Conference 
on Embedded Systems, 2018, IEEE Computer Society, 6-10 Jan. 
2018, pp.61-66 

20. O. Rioul and M. Vetterli, Wavelets and signal processing, IEEE 
Signal Processing Magazine, Volume: 8, Issue: 4 , October 1991, pp. 
14-38 

21. Adel Jalal Yousif, Ghazwan Jabbar Ahmed and Ali Subhi Abbood, 
Design of Linear Phase High Pass FIR Filter using Weight Improved 
Particle Swarm Optimization, International Journal of Advanced 
Computer Science and Applications (IJACSA), Vol. 9, No. 9, 2018, 
pp. 270-275 

22. V. R. Sathish Kumar, S. P. Anbuudayasankar, Optimization of A Five 
-Echelon Supply Chain Network using Particle Swarm Intelligence 
Algorithms, International Journal of Innovative Technology and 
Exploring Engineering (IJITEE), Volume-8 Issue-9, July 2019, pp. 
2015-2022 

23. Nor Hazlyna.H, Muhammad Khusairi.O, Muhamad Fitri Zakwan.Y, 
Hamirul Aini.H, M.Y.Mashor, R. Hassan, R.A.A.Raof, An Enhanced 
Acute Leukemia Segmentation based on Particle Swarm 
Optimization, International Journal of Innovative Technology and 
Exploring Engineering (IJITEE), Volume-8, Issue-8S, June 2019, pp. 
238-246 

24. A. K. Samal, V. Baghel, S. K. Pani, S. Panda, and A. Panda, 
Fault-Tolerant Scheduling of Real-Time Tasks on Multiprocessor 
based Systems using PSO, Proceedings of International Conference 
on Communication and Computer Networks of the Future (COMNET 
2014), Computer Society of India, 2014, held during 14th-15th March 
2014. 

25. Abhaya Kumar Samal, Jitendra Pramanik and Subhendu Kumar Pani, 
Discrete Cosine Transform (DCT) Based Image Registration Using 
Particle Swarm Optimization (PSO), International Journal of 
Advanced Research in Computer Science and Applications, Volume 
3, Issue 5, May 2015 

26. Jitendra Pramanik, Sunita Dalai and Debaraj Rana, Image 
Registration using PSO and APSO: A Comparative Analysis, 
International Journal of Computer Applications, Volume 116, No. 21, 
April 2015, pp. 6-11 

27. Iman Soltani, Mohammad Sarvi, and Fatemeh Salahian, Various 
Types of Particle Swarm Optimization-based Methods for Harmonic 
Reduction of Cascade Multilevel Inverters for renewable energy 
sources, International Journal of Innovation and Applied Studies, Vol. 
2 No. 4 Apr. 2013, pp. 671-681 

28. Ashok Kumar, Brajesh Kumar Singh and B. D. K. Patro, Particle 
Swarm Optimization: A Study of Variants and Their Applications, 
International Journal of Computer Applications (0975 –8887)Volume 
135 –No.5, February 2016, pp.24-30. 

29. Muhammad Imran, Rathiah Hashim and Noor Elaiza Abd Khalid, An 
Overview of Particle Swarm Optimization Variants, Procedia 
Engineering, Vol. 53, 2013, pp. 491–496 

30. PhanTu Vu, DinhLuong Le, NgocDieu Vo and Josef Tlusty, A Novel 
Weight-Improved Particle Swarm Optimization Algorithm for 
Optimal Power Flow and Economic Load Dispatch Problems, IEEE 
Power & Energy Society Transmission and Distribution (IEEE PES 
T&D) Conference and Exposition, 19-22 April 2010 New Orleans, 
LA, USA, pp. 1-7. 

AUTHORS PROFILE 

 Mr. Sameer Kumar Das  completed his Btech degree in 
Computer Science & engineering from BPUT Odisha in 
the year 2006 and Mtech. Degree  in CSE from BPUT in 
the year 2011. Currenly pursuing PhD. from  BPUT 
Odisha. His area of teaching interest includes System 

Programming, Computer Organization and Architecture, 

Data Base Management System, Computer Networking, Operating System, 
Real-Time System, Embedded System, IWT, E-Commerce, Software 
engineering , Multimedia, ESD & ES.  
 
 
 
His research area is IoT, Big Data Analytics, Data Ware Housing and Data 
Mining Computer Organization and Architecture, Steganography, Image 
Processing, Wireless Sensor network and Computer Networking. 

 
  
Mr. Jitendra Pramanik is currently working as 
Assistant Professor at Centurion University of 
Technology and Management, Odisha, India. He 
completed his B.Tech. degree in Electronics and 

Communication Engineering from BPUT, Odisha in the year 2012 and 
M.Tech. degree in Communication Systems (ECE) from Centurion 
University of Technology and Management (CUTM), Bhubaneswar, Odisha 
India in the year 2015. Mr. Pramanik worked as a lecturer in the Department 
of ECE OCEM, Bhubaneswar during Aug 2013-May 2014 and now 
continuing as an Asst. Professor at CUTM since 2017. He has published 6+ 
papers in reputed National and International journals and conferences, 
published one Book in the engineering domain to his credit. His area of 
teaching interest includes Microprocessor & Microcontroller, Digital 
Electronics, ‘C’ Programming, System Programming, WSN and IoT, 

Programming in Matlab, C, C++, Java and Python. Mr. Pramanik’s area of 

research and academic interest includes: Embedded Systems, Soft 
Computing, Artificial Intelligence, Internet of Things, Wireless Sensor 
Network, Machine Learning, Deep Learning and interest on 
Trans-disciplinary Areas of Research covering design of IoT based Solutions 
for Safety and Ambient Monitoring for both Underground and Opencast 
Mines, and other areas of mining and environment safety. 
 

 
Prof. Samal completed his M.Sc. (Electronics) from 
Sambalpur University, MCA and M.E.(CSE) from NIT, 
Rourkela, MBA(Marketing and Systems) from Utkal 
University and PhD in Computer Science Engineering 
from Sambalpur University. Dr. Samal Started his service 

career with Steel Authority of India Limited at Rourkela Steel Plant in 
Electronics Engineering Department and before working with different units 
and subsidiaries of Odisha State Electronics Development Corporation 
(OSEDC) Limited, Bhubaneswar. His work experience includes around 17+ 
years of working in industry (SAIL, RSP and OSEDC, Govt. of Odisha) and 
around 18+ years of working in Technical Institutions (including 
approximately 15+ years of research involvement). Currently Dr. Samal is 
associated with Trident Academy of Technology, Bhubaneswar as Professor 
and Head of the Department of Computer Science & Engineering and 
Information Technology and has been the heading the Advanced Research 
Group (ARG) of the Institute. Dr. Samal’s primary domains of research and 

academic interest includes: Real-Time Systems, Fault-Tolerant Computing, 
Embedded Systems, Soft Computing, Artificial Intelligence, Internet of 
Things, Wireless Sensor Network, Software Engineering, System Software, 
Machine Learning, Deep Learning and interest on Trans-disciplinary Areas 
of Research that includes Design of IoT based Solutions for Safety and 
Ambient Monitoring for both Underground and Opencast Mines. He has 
published 25+ papers in reputed National and International journals and 
conferences, published 3 Book Chapters and one Book in the engineering 
domain; supervising 4 research scholars registered for PhD under BPUT and 
filed 4 Patents. Dr. Samal received award of recognition from SAIL, RSP for 
revival and improving the Operational/ Functional Performance of R&C 
NDT Lab’s Ultra Cryogenic NDT equipment, received recognition from 

OSEDC for designing the first fully computerized Traffic Control System, 
installed at Rajmahal Square, Bhubaneswar; received Chapter Patron Award 
from Computer Society of India in the year 2012 for the revival of the Raipur 
CSI Chapter, received YITP (Young IT Professional) Award in 2014 from 
Computer Society of India apart from other awards for organizing National 
Level Cisco IoT Hackathons, received Outstanding Citation award from 
Elsevier Publications, etc. Completed many short-term professional courses 
from reputed Institutions, of which few important ones are Embedded 
Systems and Technologies; Real-Time Systems; Advanced Linux 
Networking; and High Performance Computer Architecture. Chaired many 
sessions in international conference, delivered many invited talks in 
upcoming and key areas of technology, delivered few Keynote Addresses in 
National Conferences on IoT, and Guided 
many M.Tech.  
 
 



A Low Overhead Image Registration Algorithm using DWT and WIPSO for Resource Constrained SBC 
based Embedded System Application 

6199 

 

Published By: 
Blue Eyes Intelligence Engineering 
& Sciences Publication  

Retrieval Number: C5543098319/2019©BEIESP 
DOI:10.35940/ijrte.C5543.098319 
Journal Website: www.ijrte.org 
 

Author-3 
Photo 

 
 

Thesis/Dissertations. Dr. Samal is a Fellow of Institute of Engineers (India) – 
(IEI), Fellow of Institution of Electronics and Telecommunication Engineers 
(IETS), Life Member of Indian Society for Technical Education (ISTE), Life 
Member of Computer Society of India (CSI), Life Member of Odisha IT 
Society (OITS) and Member of IEEE. 

 
Dr Nibedita Adhiakri is attached to Department of 
Computer Science and Engineering , Centre for 
Advanced Post Graduate Studies,  Biju Patnaik 
University of Technology, Rourkela, Odisha. She has 
completed her MSc in Math, MCA and Mtech (CSE) 

from NIT, Rkl. She has completed her PhD in Computer Engineering from 
Sambalpur University. In her 19 years of teaching experience she has guided 
many research scholars in PG label and published 30 journal and conference 
papers. Her research area is Computer Architecture, Parallel and Distributed 
Processing,   Soft Compuitng and BIG Data. 
 

 


